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Abstract

Objective of this paper is to use evidence-based consensus data to construct a spatial
distribution model of global dengue fever, to identify the important factors affecting the
epidemic of dengue fever, and to examine the impact of different geographical distance
selection on the model results. In this study, climatic factors and population density were
used as predictors. The unexploded areas were selected by systematic sampling, and the
dependent outbreaks were used to form dependent variables. Boosted regression trees in
mechanical learning were used to find out the disease’s greatest impact on the epidemic.
Results show that the most important factors affecting the outbreak of dengue are water
vapor pressure and temperature; different PA selection methods do have an impact on model
fitting; ECS-based predictions might be a better estimate of real risk maps because they are
based on pseudo-safety regional consensus data to eliminate the effects of non-reported bias
and avoid close-range selection that could lead to climate bias.

Keywords: Dengue Fever, Boosted Regression Trees Model, Climatic Factors, Evidence-
based Consensus Data
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Fic % By it 2E B] B BB H o
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tmp JESET ] 8.57 27,61 31 oC
tmn URE =0 WL 2.91 -41.97 26 °C
tmx P LIOR BB F R 14.25 -23.16 38 °C
vap [ NPAWS 10.71 0.1 32 hPa
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pop AT RR 92,158.78 0 17,259,910 people
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744 k& : Brady, O. J., Gething, P. W., Bhatt, S. (2012). Refining the global spatial limits of dengue virus
transmission by evidence-based consensus. PLoS Negl. Trop. Dis., 6(8), e1760.
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